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Abstract
Although many U.S. children spend time in child care, little information exists on expo-
sures to airborne particulate matter (PM) in this environment, even though PM may be 
associated with asthma and other respiratory illness, which is a key concern for young 
children. To address this data gap, we measured ultrafine particles (UFP), PM2.5, PM10, 
and black carbon in 40 California child- care facilities and examined associations with 
potential determinants. We also tested a low- cost optical particle measuring device 
(Dylos monitor). Median (interquartile range) concentrations for indoor UFP, gravimet-
ric PM2.5, real- time PM2.5, gravimetric PM10, and black carbon over the course of a 
child- care day were 14 000 (11 000- 29 000) particles/cm3, 15 (9.6- 21) μg/m3, 15 (11- 
23) μg/m3, 48 (33- 73) μg/m3, and 0.43 (0.25- 0.65) ng/m3, respectively. Indoor black 
carbon concentrations were inversely associated with air exchange rate (Spearman’s 
rho = −.36) and positively associated with the sum of all Gaussian- adjusted traffic vol-
ume within a one- kilometer radius (Spearman’s rho = .45) (P- values <.05). Finally, the 
Dylos may be a valid low- cost alternative to monitor PM levels indoors in future stud-
ies. Overall, results indicate the need for additional studies examining particle levels, 
potential health risks, and mitigation strategies in child- care facilities.
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1  | INTRODUCTION

Approximately 33% of United States children less than five years old 
regularly spend time in child- care or pre- school facilities, collectively 
known as early childhood education (ECE) facilities.1 Although early 
life exposure assessments have focused on home environments, 
young children often spend a large portion of their waking hours at 
an ECE facility.2 Previous studies in ECE facilities have characterized 
lead, pesticide, allergens, flame retardants, aldehydes, and phthalate 
exposures;3-8 however, little information exists on levels of particulate 
matter (PM) in child- care facilities, despite children being more sus-
ceptible than adults to the health effects of PM exposures.9-11

Particulate matter is a complex mixture of small particles and liquid 
droplets. Constituents include inorganic compounds (such as nitrates 

and sulfates), organic chemicals, metals, and soil or dust particles. 
Exposures of young children to PM2.5 (particles with an aerodynamic 
diameter ≤2.5 μm) and PM10 (aerodynamic diameter ≤10 μm) have 
been shown to increase allergen sensitization, decrease lung function, 
and exacerbate pre- existing respiratory conditions like asthma.12-15 
Ultrafine particle (UFP, aerodynamic diameter <0.1 μm) exposure to 
young children has been associated with decreased lung function16 
and increased risk of respiratory hospital admissions.12-15,17,18 In chil-
dren, black carbon exposure has been associated with lung oxidative 
stress,19-21 decreased lung function,22 and respiratory symptoms.23-25

The costs to measure particles for health studies may be burden-
some, forcing studies to limit the number of measurements or scope 
of work. Filter- based particle measurements require laboratory and 
technical training, but allow a more direct comparison to PM national 
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or state standards. Real- time samplers, which measure particles as a 
function of time, have costs that often exceed $5000- $10 000 USD. 
Previous research has shown that the Dylos monitor, a low- cost 
sampler (<$300 USD), tracked well with higher cost samplers.26-28 
However, it is unclear which method for converting Dylos measure-
ments (count/unit volume) to the standard PM2.5 mass concentration 
(mass/unit volume) produces the best results. This is an important con-
sideration for comparison with air quality standards and historical PM 
measurements, both typically expressed in mass concentrations.

In this study, we measured UFP, PM2.5, PM10, and black carbon 
at 40 ECE facilities in Northern California. We examined correlations 
between the particle concentration metrics and determinants of in-
door and outdoor particle concentrations. We also assessed the per-
formance of a low- cost optical particle sampler.

2  | MATERIALS AND METHODS

2.1 | Study population

The study population has been described previously.6,7 Briefly, we 
enrolled 40 ECE facilities from the California counties of Alameda 
(n = 20) and Monterey (n = 20), including 28 child- care centers and 
12 home- based facilities to reflect the distribution of children in these 
types of facilities in California (60% and 40%, respectively).29 All study 
protocols were approved by the University of California—Berkeley 
Committee for the Protection of Human Subjects, and informed writ-
ten consent was obtained from each ECE facility program director or 
senior administrator.

2.2 | Study visits

Study field technicians typically visited a child- care facility twice. At the 
first visit, the technician administered a questionnaire and performed a 
site inspection focusing on the primary child- care room, cooking areas, 
and the bathroom. At the second visit, air samples were collected over 
the course of a school day (6- 10 hours) when children were present. 
Indoor samples were collected in the main child- care room. The ma-
jority of outdoor measurements were collected in outdoor play areas. 
However, due to electrical power constraints or teacher preferences, 
some outdoor samples were collected in other areas adjacent to the 
facility. Site visits occurred from May 2010 to May 2011.

2.3 | Gravimetric PM sampling and analysis

Gravimetric PM2.5 and PM10 air samples were collected using SKC® 
Personal Environmental Monitors (PEMs) (SKC Inc., Eighty Four, PA, 
USA) onto 37- mm Teflon filters. Due to cost constraints, PEMs with 
required flow rates of two and four liters per minute (LPM) were used. 
The PEMs with a four LPM flow rate were typically used indoors 
(n = 31) and PEMs with a two LPM flow rate were typically used out-
doors (n = 12). Indoor air samples were pulled through filters using a 
fan- cooled, single rotary vane pump installed in a stainless steel box 
lined with foil- faced fiberglass sound insulation to reduce noise. To 

eliminate emissions, the pump’s exhaust system included a muffler and 
a HEPA and carbon filter. Outdoor air samples were collected using 
SKC AirChek 2000 pumps (SKC Inc.).

Flow rates were set per the manufacturer’s recommendations, 
and samples were integrated over the sampling period. Flow from 
the rotary vane pump was controlled via taper- tube flowmeters (Key 
Instruments, part # 10510 and 10710). Calibration curves were deter-
mined for each flowmeter with filters in- line using a Gilibrator® airflow 
calibrator (Sensidyne, St. Petersburg, FL, USA). Calibration curves were 
checked at the end of the sampling campaign and were consistent with 
results prior to sampling. Flow from the AirCheks was calibrated be-
fore and after each use with a Gilibrator® airflow calibrator.

The gravimetric PM2.5 and PM10 particle mass concentrations 
were determined following EPA Method IP- 10A.30 Each Teflon filter 
used for mass analysis was weighed on two separate occasions before 
deployment and after sampling using a Sartorius SE- 2F balance. Filters 
were equilibrated for a minimum of 24 hours at 21 ± 3°C and 30%- 
40% relative humidity for at least one weighing before and one weigh-
ing after sampling. A 100 μg certified standard weight was weighed 
with each group of sample filters to confirm consistent operation of 
the balance. A method detection limit (MDL) of 14.4 μg was calcu-
lated by computing three times the standard deviation of blank filters. 
Reported data were blank corrected by subtracting the mean blank 
mass (2.3 μg) from weighed particle masses. During the pilot stage of 
the project (facilities 1- 5), filter contamination occurred due to the gas-
kets in some of the PEM bodies failing and shedding mass onto the fil-
ters during the loading and unloading process. Upon finding this flaw, 
all PEM bodies were reconditioned and confirmed that weight change 
of the filters during loading and unloading was within acceptable limits 
(i.e., <3 μg change between measurements). Therefore, only 35 indoor 
gravimetric PM samples are reported in this analysis. To assess quality 
control, eighteen Teflon filter field blanks were weighed prior to sam-
pling, taken into the field by a technician without exposing the PEM, 
and then returned to LBNL for post- weighing. The field blanks had a 

Practical Implications
•  This is the first study to report on a wide array of particle 

exposures in U.S. early childhood education (ECE) envi-
ronments. Levels of particles may pose a health risk to 
children, as we found indoor PM2.5 and PM10 concentra-
tions collected during the school day exceeded 24- hour 
ambient air quality standards in some facilities. Further, 
correlations between particle metrics measured in this 
study indicate that children are receiving co- exposures to 
the various sizes and composition of particles; therefore, 
subpopulations of children may be at increased risk of the 
health effects of early life particulate exposure. Due to 
the large number of children spending a significant 
amount of time in ECE facilities, our research highlights 
that exposure mitigation may be warranted.
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mean (SD) mass of 2.3 (4.8) μg. Four duplicate measurements were 
collected indoors for each PM2.5 and PM10 for comparison. For PM2.5, 
one pair of duplicates were both below the MDL, one pair was both 
below and above the MDL (although the one detected was only 0.9 μg 
above the MDL), and two were both above the MDL. For the two du-
plicate measurements above the MDL, the relative percent differences 
(RPDs) were 48% and 54%. The larger RPDs for PM2.5 are likely due 
to the measurements being below/close to the MDL. The difference 
in PEMs (one a 4 LPM PEM, another a 2 LPM PEM) between duplicate 
measurements may have also added to the variability. For PM10, all 
four of the duplicates were above the MDL and the RPD ranged be-
tween 3.9% and 15%. Please see the Supplemental Information (SI) for 
additional QA/QC information for these instruments.

2.4 | Real- time measurements

We used real- time instruments to measure concentrations of UFPs, 
PM2.5, black carbon, and carbon dioxide (CO2) during a full school day. 
UFPs were measured using two TSI Inc. 3781 water condensation particle 
counters (CPC). The TSI 3781 detects (D50–detection of 50% of particles) 
total particle number concentration in the size range of >3 μm down to 
6 nm and concentration of 0 to 5 × 105 particles/cm3. UFP counts were 
collected indoors in 39 facilities (in one instance the CPC did not record the 
data properly) and outdoors in 28 facilities. Quality control included col-
lection of co- located UFP measurements, conducted at two time points. 
The measurements were highly correlated (Pearson’s R2 = 0.98 and 0.99, 
respectively) with a median RPD of 2.0% at each time point and a median 
absolute deviation (MAD) of 1.6% and 8.8%, respectively (Fig. S1).

Real- time fine- particulate matter was measured with a TSI DustTrak 
8520 (DT1) and 8530 (DT2). The DustTrak 8520 has an aerosol concen-
tration range of 0.001 to 100 mg/m³, while the TSI 8530 has a concen-
tration range of 0.001 to  400 mg/m³. Both DustTraks were calibrated 
prior to field deployment by TSI, used 2.5 μm size selectors, and were 
zeroed prior to each use. Side- by- side measurements between DT1 
and DT2 before the sampling campaign showed a strong correlation 
(R2 = 0.80). However, there was a consistent bias with DT1 on average 
7 μg/m³ lower than DT2; the MAD (RPD) was 13% (2.0%). Side- by- side 
comparisons of DT1 and DT2 after the sampling campaign also cor-
related well (R2 = 0.95), but a bias persisted between the machines as 
DT1 was approximately 5 μg/m³ lower than DT2 throughout the sam-
pling period. The post- sampling MAD (RPD) was 24% (3.2%) (Fig. S2). 
Overall, QA procedures for the DustTraks before and after sampling 
indicate strong correlations between DT1 and DT2 PM2.5 measure-
ments, but the DT2 levels averaged 25% higher. Due to these findings, 
the DT2 measurements were adjusted downward with a correction 
offset of −6 μg/m³ to be comparable to the DT1 results.

Magee Scientific’s MicroAeth AE51s were used to measure real- 
time black carbon concentrations within a range of 0- 1 mg/m3 with a 
resolution of 1 ng/m3. Indoor real- time black carbon concentrations 
were measured at all ECE facilities (n = 40). Side- by- side comparisons 
between the two MicroAeths were performed in six facilities. The R2 
between the duplicate minute- by- minute MicroAeth measurements 
was 0.49 and the MAD (RPD) was 31% (30%) (Fig. S3).

We used two Dylos DC1100 Pro instruments that measure par-
ticles with an aerodynamic diameter greater than or equal to 2.5 μm 
(PM≥2.5) and particles with an aerodynamic diameter greater than or 
equal to 0.5 μm (PM≥0.5). The Dylos uses a laser light scattering method 
for size selection. The Dylos gives hourly average concentrations (par-
ticles/ft3) and a rolling minute- by- minute particle concentration for the 
last 60 minutes of sample time. Side- by- side comparisons between two 
Dylos were performed in four facilities. The R2 between the duplicate 
minute- by- minute Dylos measurements was 0.92 for the small particles 
and 0.74 for the large particles. The MAD (RPD) for the small and large 
particles was 8.1% (4.2%) and 10% (8.8%), respectively (Fig. S4).

2.5 | Air exchange and ventilation rates

Our method for estimating air exchange rate (AER) has been described 
previously.6,8 Briefly, we estimated AER using a continuous indoor CO2 
mass balance model, supplemented with a single CO2 tracer- gas re-
lease.31,32 The mass balance model estimated the AER by minimizing 
the sum of mean squared error between measured (via QTrak 8554 
from TSI) and modeled CO2 concentrations taking into account room 
occupancy and conditions (e.g., windows/doors opening). For the CO2 
tracer- gas release, we released medical- grade CO2 (Praxair, part num-
ber CD M- 10, pharmacopeia grade) when children were not present to 
elevate CO2 levels to approximately 2500 ppm. By combining both of 
these methods in each ECE facility, we were able to model the air ex-
change rate under normal room conditions, plus match our air exchange 
models to an enriched CO2 environment to ensure our model fit multi-
ple scenarios. In addition to AER, we calculated the ventilation rate for 
each facility by multiplying the AER with the room volume and dividing 
by the weighted average of room occupancy (m3/hour per person).

2.6 | Traffic metrics

We obtained three traffic statistics within a one kilometer radius 
buffer for each ECE facility from the California Environmental Health 
Tracking Program traffic linkage service on July 19th, 2011.33 The fol-
lowing traffic summary statistics were abstracted: sum of all length- 
adjusted traffic volumes (∑LATV), which is the sum of the number 
of vehicles per hour multiplied by the total length of road within the 
buffer (vehicle- km/hour); sum of all Gaussian- adjusted traffic volumes 
(∑GATV), which is the distance weighted sum of traffic volumes (ve-
hicles/day) assuming a Gaussian dispersion of airborne exhaust pol-
lution from the traffic segment and weighted by a 500 m radius (half 
1- km total radius);34 and length- adjusted traffic volume of the highest 
segment (LATV- HS) which calculated the LATV of the heaviest used 
road within the buffer (vehicle- km/hour).

2.7 | Data analyses

2.7.1 | Descriptive analysis of particle data

When duplicate measurements were collected for a facility, the av-
erage concentration between the two measurements by time point 
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(real- time sampling) or facility (gravimetric sampling) was calculated 
and reported. In the rare circumstance that the DustTrak recorded 
a zero value, the value was replaced with the lowest concentration 
resolution (1 μg/m3) divided by √2.35 For gravimetric PM2.5 and PM10 
values below the MDL, we used the weighed mass below the MDL to 
calculate the arithmetic and geometric mean and standard deviations.

For real- time UFP, PM2.5, PM10, and black carbon, we used gen-
eralized additive models to show the changes in concentrations over 
the course of the day. For real- time measurements, we calculated the 
overall mean values of particle measurements in each facility. We then 
calculated both arithmetic and geometric means and standard devia-
tions, along with selected quantiles of the distribution. We computed 
Spearman’s rank correlation coefficients to test the correlation between 
particle metrics, traffic metrics, and air exchange rate. We evaluated 
differences in particle concentrations by ECE location (Alameda vs 
Monterey County) and presence of combustion appliances in or adjacent 
to the sampling room using unpaired Wilcoxon- Mann- Whitney tests.

Indoor- to- outdoor (I/O) air concentration ratios were computed 
by dividing the average indoor air concentration by the outdoor air 
concentration for each facility with paired measurements. We used 
the paired Wilcoxon- Mann- Whitney test to evaluate differences in in-
door and outdoor particle concentrations.

2.7.2 | Comparison of real- time Dylos and Dustrak 
particle measurements

Minute- by- minute particle concentrations were measured by both 
the Dylos and DustTrak indoors in 32 facilities and outdoors in seven 
facilities. To compare the Dylos measurements with PM2.5 measured 
by the DustTraks, we subtracted the difference between PM≥2.5 and 
PM≥0.5 count concentrations (herein PM0.5-2.5).27,28 We then fit a lin-
ear regression of all paired minute- by- minute Dylos PM0.5-2.5 count 
concentrations against the DustTrak mass concentrations. We also 
evaluated two approaches to convert particle count concentration 
(particles per volume air − conccount) to particle mass concentration 
(mass of particles per volume of air). The first, developed by Semple 
et al27 and Steinle et al,28 were developed for indoor,27 outdoor 

rural,28 and outdoor urban locations.28 We used the Steinle et al28 
outdoor rural equation for all Monterey ECE outdoor measurements 
and the outdoor urban equation for Alameda county ECE outdoor 
measurements. Northcross et al26 used the properties of a sphere 
(assuming an average aerodynamic radius (rp) of the particles to be 
0.75 μm) and particle density (ρp, assumed to be 1.0 g/cm3) to calcu-
late mass concentrations. All four of the equations used are presented 
in the SI (Table S1).

2.7.3 | Comparison with ambient air quality standard 
concentrations

We compared our measured gravimetric PM2.5 and PM10 concentra-
tions with the levels of the California Ambient Air Quality Standards 
(CAAQS) for annual (PM2.5 = 12 μg/m3 and PM10 = 20 μg/m3) and 24- 
hour exposures (PM10 = 50 μg/m3).36 As there is no 24- hour CAAQS 
for PM2.5, we compared our PM2.5 values to the level of the 24- hour 
National Ambient Air Quality Standard of 35 μg/m3.37

All statistical analyses were performed with R Version 3.1.3.38

3  | RESULTS

3.1 | ECE facility characteristics

Descriptions of the facilities have been previously published.6-8 
Briefly, 1764 children were served by the programs, and the average 
attendance was 44 children per facility, with a maximum attendance 
of 200 children. Twenty- six (65%) were in residential neighborhoods, 
eight (20%) were in commercial areas, five (13%) were adjacent to 
agricultural fields, and one (3%) was in a rural/ranch area. Half were 
in buildings constructed after 1970, with the oldest structure built in 
1903 and the most recent in 2008. Heating systems were on aver-
age 16 years old (range = 1- 80 years). The average (SD) air exchange 
and ventilation rate were 2.0 (1.4) per hour and 40 (32) m3 per hour 
per person during air sampling, respectively. Natural ventilation (i.e., 
opening windows) was used in most of the facilities (91%) due to the 
moderate climate in Northern California.

TABLE  1 Summary of particle concentrations in indoor air

Metrica n %Detb Mean SDb GMb GSDb Min 25th% 50th% 75th% Max

Ultrafine particles 
per cm3

39 - 22 000 20 000 16 000 2.4 1500 11 000 14 000 29 000 75 000

Gravimetric PM2.5 
(μg/m3)

35 80 18 11 15 1.8 <MDL 9.6 15 21 54

Real- time PM2.5 (μg/
m3)

40 - 19 16 16 1.9 5.2 11 15 23 89

Gravimetric PM10 
(μg/m3)

35 100 55 32 47 1.8 14 33 48 73 170

Black carbon (μg/
m3)

40 - 0.57 0.52 0.38 2.8 0.16 0.25 0.43 0.65 2.5

aThe average concentration over the child- care day for each facility is presented here.
b% Det., percent above method detection limit; SD, standard deviation; GM, geometric mean; GSD, geometric standard deviation. For gravimetric PM 
samples, mass below the detection limit was used to calculate the mean, SD, GM, and GSD.
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3.2 | Particle measurements and correlations

The median (interquartile range (IQR)) of the average ultrafine parti-
cle concentration, monitored by a CPC, over the sampling period was 
14 000 (11 000- 29 000) particles/cm3 (Table 1). Gravimetric PM2.5 
and PM10 mass was above the detection limit in 80% and 100% of the 
indoor samples (n = 35), respectively, and 83% and 50% of the out-
door samples, respectively. The distributions of the indoor gravimetric 
(n = 35) and real- time PM2.5 (n = 40) were similar with median (IQR) 
concentrations of 15 (9.6- 21) and 15 (11- 23) μg/m3, respectively. In 
47 side- by- side indoor and outdoor measurements, we found gravi-
metric measurements to be typically lower than average real- time 
PM2.5, with the median (IQR) ratio between the gravimetric and real- 
time measurements to be 0.86 (0.72- 1.2). The distribution of real- time 
PM2.5 was higher outdoors compared to indoors (median outdoor 
(IQR) = 17 (12- 24) μg/m3) (Table 2).

Only gravimetric PM10 showed a tendency to be higher indoors 
as compared to outdoors (median I/O ratio = 1.8, P- value = .08) 
(Table 3). The other metrics measured both indoors and outdoors 
(UFP, gravimetric PM2.5, and real- time PM2.5) were not signifi-
cantly different (P- value >.1; median I/O ratios = 1.2, 1.0, and 0.9, 
respectively). However, in one extreme instance, the indoor ultra-
fine concentration was, on average, 38 times higher indoors than 
outdoors, likely due to simultaneous cooking with an unvented gas 
stove (Fig. S5).

We found multiple significant correlations between the particle 
metrics (Table 4). For example, indoor black carbon was positively 

associated with five of eight other particle metrics including indoor 
real- time PM2.5 (rho = .83), outdoor gravimetric PM10 (rho = .76), out-
door real- time PM2.5 (rho = .74), indoor gravimetric PM2.5 (rho = .52), 
and indoor gravimetric PM10 (rho = .45) (P- values <.01).

Indoor UFP tended to increase in the morning and decrease in 
the late afternoon (Figure 1), likely due to use of combustion appli-
ances for morning food preparation and traffic. Outdoor UFP tended 
to peak in the morning and early afternoon. Both indoor and outdoor 
PM2.5 increased in the morning with similar slopes, but indoor PM2.5 
had a cyclical pattern, while outdoor PM2.5 stayed relatively constant 
during the mid- morning and early afternoon. However, outdoor PM2.5 
typically increased in the late afternoon, potentially due to increased 
traffic. Similar to indoor PM2.5, black carbon tended to increase in the 
morning, decrease in the mid- morning, then increase in the late after-
noon—possibly tracking morning/evening traffic patterns.

3.3 | Determinants of particle concentrations

There were wide variations in traffic density reflecting the urban 
and rural locations (Table S2). Indoor black carbon and outdoor 
real- time PM2.5 were positively correlated with ∑GATV (rho = .45 
and rho = .62, respectively; P- values <.01); however, the other 
indoor or outdoor particle metrics were not associated with 
∑LATV, ∑GATV, or LATV- HS (Table S3). While all particle con-
centrations except indoor UFP were inversely associated with 
AER, only black carbon was statistically significant (rho = −.36, 
P- value <.05).

TABLE  2 Summary of particle concentrations in outdoor air

Metrica n %Detb Mean SDb GMb GSDb Min 25th% 50th% 75th% Max

Ultrafine 
particles per 
cm3

28 - 17 000 11 000 13 000 2.1 1300 9900 14 000 20 000 45 000

Gravimetric 
PM2.5 (μg/m3)

12 83 18 9.3 9.8 3.3 <MDL 8.2 13 21 37

Real- time 
PM2.5 (μg/m3)

31 - 24 28 17 2.3 2.4 12 17 24 140

Gravimetric 
PM10 (μg/m3)

12 50 40 27 7.2 8.1 <MDL <MDL 13 43 94

aThe average concentration over the child- care day for each facility is presented here.
b% Det., percent above method detection limit; SD, standard deviation; GM, geometric mean; GSD, geometric standard deviation. For gravimetric PM 
samples, mass below the detection limit was used to calculate the mean, SD, GM, and GSD.

TABLE  3 Summary of particle indoor/outdoor (I/O) ratios

Metrica n GMb GSDb Min 25th% 50th% 75th% Max P- valuec

Ultrafine 27 1.2 2.8 0.3 0.7 1.2 1.9 37.9 .31

Gravimetric PM2.5 12 1.0 1.5 0.6 0.8 1.0 1.2 2.6 .97

Real- time PM2.5 31 0.9 2.1 0.2 0.6 0.9 1.1 7.6 .14

Gravimetric PM10 12 1.6 1.9 0.6 1.1 1.8 2.1 4.8 .08

aI/O ratios calculated with average real- time concentrations, when applicable.
bGM, geometric mean; GSD, geometric standard deviation. For gravimetric PM samples, mass below the detection limit was used to calculate the GM and 
GSD.
cP- values from paired Wilcoxon- Mann- Whitney rank sum tests evaluating the differences in indoor and outdoor particle concentrations.
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Indoor and outdoor particle concentrations were typically higher in 
facilities located in Alameda compared to Monterey County (Table S4). 
For example, indoor black carbon concentrations were significantly 
higher in urban Alameda County (median (IQR) = 0.57 (0.35- 1.1) μg/m3) 
compared to less developed Monterey County (median (IQR) = 0.33 
(0.21- 0.47) μg/m3) (P- value = .03). Many of the Alameda County ECE 
facilities were also located near the Interstate 80- 880 freeways and/or 
the Oakland Port, which carry heavy diesel truck traffic.39

The presence of a combustion appliance (typically natural gas 
stove, dryer, or furnace) in or adjacent to the room where air samples 
were collected was moderately associated with higher UFP (Table S5, 
P- value = .07). For example, in the 13 facilities with a combustion ap-
pliance present, the median (IQR) was 28 000 (12 000- 48 000) parti-
cles/cm3, vs 12 000 (9700- 18 000) particles/cm3 in facilities without a 
nearby combustion source. No other indoor particle metric was associ-
ated with the presence of combustion source (P- values >.1). As noted, 
we observed large, discernable spikes in UFP concentrations when gas 
appliances were used (Fig. S5).

3.4 | Comparison of real- time particle 
sample methods

We observed good agreement between the minute- by- minute Dylos 
PM0.5-2.5 and DustTrak’s PM2.5 (R2 = 0.82, Fig. S6). The linear model 
relating the Dylos PM0.5-2.5 count measurements per ft3 to DustTrak 
PM2.5 concentrations (μg/m3) was the following:

The root mean squared error (RMSE) between the predicted and ob-
served DustTrak PM2.5 using Equation 1 was 6.5 μg/m³. When we 
removed the outlier concentrations in the upper right of Fig. S6, the 
linear model was the following:

Without the outliers, both the RMSE and R2 decreased to 5.9 and 
0.65, respectively. When we compared the two methods proposed to 
convert Dylos count concentrations to mass concentrations, we found 
that using the method proposed by Northcross et al26 matched our 
DustTrak measurements better than using the methods proposed by 
Steinle et al28 (Figure 2). The RMSE and R2 were 6.7 μg/m³ and 0.83, 
respectively, using the Northcross et al26 method, whereas the RMSE 
and R2 were 13 μg/m³ and 0.79, respectively, using the Steinle et al28 
method. When we removed the outliers in the top right of Figure 2, 
Northcross et al’s method (RMSE = 6.6 μg/m³ and R2 = 0.65) still 
matched better Steinle et al’s method (RMSE = 11 μg/m³ and R2 = 0.52).

3.5 | Comparison with ambient air quality standard 
concentrations

When comparing our indoor gravimetric PM concentrations to the 
levels of the CAAQS and NAAQS (24- hour PM2.5 only), we found that 
the indoor PM2.5 concentrations exceeded the levels of the annual 

(1)DustTrakPM2.5=0.52+9.4e−5∗Dylos PM
0.5- 2.5

(2)DustTrakPM2.5=3.1+7.6e−5∗Dylos PM
0.5- 2.5
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CAAQS (PM2.5 = 12 μg/m3) and 24- hour NAAQS (PM2.5 = 35 μg/m3)  
in 66% and 11% of the facilities, respectively. In addition, ECE in-
door PM10 concentrations exceeded the levels of the annual CAAQS 
(PM10 = 20 μg/m3) and 24- hour CAAQS (PM10 = 50 μg/m3) in 89% 
and 46% of the facilities, respectively. No outdoor concentrations 
exceeded levels of the CAAQS or NAAQS standards. Note, our 
measurements were collected over ~8 hours, so are not directly 
comparable to these standards, but indicate that indoor PM expo-
sures in ECE facilities may represent a significant portion of total 
PM exposure.

4  | DISCUSSION

In this study, we measured multiple metrics of particle pollution in-
doors and outdoors over the course of a child- care day (~8 hours) at 
40 ECE facilities in California. Except for UFP concentrations, most of 
the particle metrics were highly correlated with each other, indicating 
common source(s) or determinant(s) of exposure.

Few studies of particulate contamination have been conducted 
in child- care centers or schools. When compared to these studies, 
our UFP levels are on the upper range of school exposures; for ex-
ample, the indoor UFP concentrations (mean = 22 300 particles per 
cm3) in our population were higher than mean concentrations mea-
sured in six northern California elementary schools (10 800 parti-
cles per cm3, when children present),40 three Ohio schools (n = 20 
children, 19 800 particles per cm3),41 25 Australian schools (8500 
particles per cm3),42 and 39 Spanish schools (15 600 particles per 
cm3).43 However, the studies conducted in Australia and Spain used 
instruments with lower size limits of 10 nm, as compared to the 
TSI 3781 used in this study with a lower limit of 6 nm, which could 
potentially underestimate their observed UFP concentrations. Our 
time series analysis found high mid- day outdoor UFP counts, which 
may be due to nucleation and cluster growth from photo- oxidized 
vapors.44

Although previous studies have found an association between 
indoor and outdoor UFP concentrations,45,46 we found only a weak, 
non- significant correlation (rho = .35). This lack of correlation between 

F IGURE  1 Real- time concentrations 
for indoor and outdoor UFP (top), PM2.5 
(middle), and black carbon (bottom) through 
the child- care day. Blue lines and colored 
bands are expected values and 95% 
confidence intervals, respectively, per time 
point from generalized additive models
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indoor and outdoor UFP could be related to episodic indoor sources 
such as cooking appliances. Many of the indoor concentrations were 
significantly correlated with outdoor concentrations and typically not 
associated with AER, indicating that outdoor particles are an import-
ant source of indoor concentrations, which is consistent with the use 
of natural ventilation (i.e., open windows) in many of the facilities. 
Post hoc multiple variable regression confirmed that outdoor concen-
trations were the best predictors of indoor concentrations and other 
predictors were typically insignificant. In contrast, the significantly 
higher indoor PM10 concentrations compared to outdoors indicates 
the presence of indoor sources. None of the variables measured in this 
study could explain the high levels of indoor PM10, but possible indoor 
sources might include episodic resuspension during vigorous play or 
certain arts and crafts activities.

In a small, pilot study conducted in Washington, DC, child- care fa-
cilities (n = 6), the authors report median real- time PM2.5 and PM10 
concentrations of 18 and 24 μg/m3.11 Their PM2.5 results are similar 
to our results, while their PM10 concentrations are lower than those 
found in our study, albeit using different sampling methods (real- time 
vs gravimetric). Our indoor and outdoor PM10 levels were lower than 
those reported in a study conducted in nine child- care centers in 
Portugal (total of 102 measurements).47 The authors reported median 
indoor PM10 concentrations ranging from 80- 126 μg/m3 and outdoor 
PM10 concentrations ranging from 60 to 77 μg/m3, depending on lo-
cation in child care and season of sampling. Similar to our results, the 
authors did not report an association between indoor PM10 concen-
trations and air exchange.

Similar to previous studies,26-28 we found the Dylos to be strongly 
correlated with more expensive real- time particle samplers; therefore, 
future PM exposure studies could make use of the lower cost Dylos 

samplers to assess relative differences in PM concentrations with-
out significant loss of measurement reliability. However, it should be 
noted that although the Dylos compares well with another optical par-
ticle counter, this study and previous studies have shown a significant 
bias when comparing optical particle counters and gravimetric particle 
results.48,49 Our results only confirm correlation between Dylos and 
DustTrak measurements.

Our findings suggest that the method used by Northcross et al26 
for converting Dylos count concentration to PM2.5 mass concentration 
better predicted the measured PM2.5 than the equations presented in 
Steinle et al28 Of note, the Steinle et al equations did not collect PM2.5 
using a DustTrak; therefore, the comparisons using a DustTrak in our 
study may be biased toward the Northcross method that also used a 
DustTrak to develop their equation.

Indoor gravimetric PM10 concentrations exceeded the level of 
the 24- hour CAAQS in 46% of ECE facilities (16 of 35), and indoor 
PM2.5 concentrations exceeded the level of the 24- hour NAAQS in 
11% of ECE facilities (4 of 35; there is no 24- hour CAAQS for PM2.5). 
It should be noted that the measurements in this study were obtained 
over an 8-  to 10- hour period, and do not necessarily represent the 
levels children were exposed to for a full 24- hour period. However, 
the monitoring suggests many young children are experiencing a sig-
nificant portion of their total PM exposures in their child- care facilities 
and that exposure mitigation may be warranted. There are currently no 
health- based standards for UFPs or black carbon.

In comparing our indoor black carbon measurements to previously 
reported levels in the United States, we found our concentrations to 
be similar to LaRosa et al (2002) but generally lower than those re-
ported.21,50,51 In Spanish schools, median indoor black carbon con-
centrations were 1370 ng/m3, approximately three times higher than 
those found in our study.52 Our finding that indoor black carbon con-
centrations were higher in the urban Alameda County, which includes 
the Oakland Port and interstate highways with heavy diesel truck traf-
fic,39 and also positively associated with traffic density, supports the 
hypothesis that nearby traffic is an important source of black carbon 
exposure to children in ECE facilities. Given that several studies indi-
cate that black carbon is associated with poorer respiratory health in 
children,19-25 and diesel exhaust, the primary source of black carbon in 
California air,53 is a known carcinogen,54 additional research is needed 
on the contribution of time in child care to total child black carbon 
exposure.

There are both strengths and limitations to this study. A key 
strength is the recruitment of a demographically and geographically 
diverse group of ECE facilities. In addition, we were able to measure 
multiple particle metrics concurrently both indoors and outdoors. We 
were also able to quantify a diverse set of potential exposure- level 
determinants including traffic metrics, ventilation rates, and combus-
tion sources. Although this is the largest study to date examining par-
ticles in ECE environments, the relatively small sample size (n = 40) 
limited our statistical power. In addition, measurements collected 
over a single child- care day may not characterize long- term expo-
sure profiles of these facilities. As our QC results indicate, we occa-
sionally observed large variability between duplicate measurements 

F IGURE  2 Comparison of two methods to convert Dylos PM0.5-2.5 
count concentrations (#/ft3) to PM2.5 mass concentrations. Black line 
is the identity line
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including our gravimetric PM measurements and black carbon mea-
surements. For the gravimetric PM, we believe that the variability 
may have been due to measurements near the detection limits re-
sulting in small absolute differences but large percentage differ-
ences. For both the gravimetric PM measurements and black carbon 
measurements, we still believe the results useful given these metrics 
were often correlated with other metrics with better QC results. We 
were unable to control for the potential meteorological and seasonal 
variability between sampling dates, which could have influenced the 
particle concentrations observed. Because we compared Dylos and 
DustTrak measurements at ambient indoor levels, we were not able 
to test the concentration range in which the correlation observed in 
this study remained valid. However, Northcross et al found the Dylos 
had a limit of detection of <1 μg/m3 and upper limit of 10 mg/m3 in 
their controlled experiment.

Finally, our participation rates were low relative to the number of 
facilities contacted and asked to participate (especially for home- based 
providers). Participating facilities may have been more interested in 
environmental exposures than those that chose to not participate, and 
the results are not necessarily generalizable to other ECE facilities in 
California.

5  | CONCLUSION

This is the first study to date examining a wide variety of particle met-
rics in early care and education facilities for young children and has 
several important implications for future research and public health. 
Correlations between particle metrics measured in this study indicate 
that children are receiving co- exposures to the various sizes and com-
position of particles; therefore, subpopulations of children may be at 
increased risk of the health effects of early life particulate exposure. 
Further, as many young children spend a large proportion of their time 
in ECE facilities, any exposures in these environments are likely to be 
a significant proportion of their total exposures. Additional research 
is needed to better understand the contribution of particulate matter 
exposures in ECE facilities and identify appropriate interventions to 
mitigate exposures when warranted.

ACKNOWLEDGEMENTS

We thank the child- care programs that participated in this study. We 
thank Dr. William Nazaroff for advice on strategies to measure air ex-
change rates. We thank the Cancer Prevention Institute of California 
(CPIC) and the California Department of Public Health (CDPH) for 
loaning us air sampling equipment. Finally, we thank individuals at 
the Community Child Care Council of Alameda County and Monterey 
County Child Care Resource and Referral for help with participant 
recruitment.

CONFLICTS OF INTEREST

The authors declare no competing financial interest.

AUTHOR CONTRIBUTIONS

The manuscript was written through contributions of all authors. All 
authors have given approval to the final version of the manuscript.

REFERENCES

 1. Laughlin L. Who’s Minding the Kids? Child Care Arrangements: 
Spring 2011. http://www.census.gov/topics/families/child-care/pub-
lications.html: United States Census Bureau; Accessed August 16,  
2017.

 2. Hofferth SL, Sandberg JF. How American children spend their time. J 
Marriage Fam. 2001;63:295-308.

 3. Breysse P, Farr N, Galke W, Lanphear B, Morley R, Bergofsky L. The re-
lationship between housing and health: children at risk. Environ Health 
Perspect. 2004;112:1583-1588.

 4. Tulve NS, Jones PA, Nishioka MG, et al. Pesticide measurements from 
the First National Environmental Health Survey of Child Care Centers 
using a multi- residue GC/MS analysis method. Environ Sci Technol. 
2006;40:6269-6274.

 5. U.S. Environmental Protection Agency (EPA). Child-Specific 
Exposure Factors Handbook. Washington, D.C.: National Center 
for Environmental Assessment; 2002 September. Report No.: 
EPA-600-P-00-002B.

 6. Gaspar FW, Castorina R, Maddalena RL, Nishioka MG, McKone TE, 
Bradman A. Phthalate exposure and risk assessment in California 
child care facilities. Environ Sci Technol. 2014;48:7593-7601.

 7. Bradman A, Castorina R, Gaspar F, et al. Flame retardant exposures 
in California early childhood education environments. Chemosphere. 
2014;116:61-66.

 8. Bradman A, Gaspar F, Castorina R, et al. Formaldehyde and acetalde-
hyde exposure and risk characterization in California early childhood 
education environments. Indoor Air. 2017;27:104-113.

 9. Pope CA. Epidemiology of fine particulate air pollution and human 
health: biologic mechanisms and who’s at risk? Environ Health 
Perspect. 2000;108:713-723.

 10. Sacks JD, Stanek LW, Luben TJ, et al. Particulate matter- induced 
health effects: who is susceptible? Environ Health Perspect. 
2010;119:446-454.

 11. Quiros-Alcala L, Wilson S, Witherspoon N, et al. Volatile organic com-
pounds and particulate matter in child care facilities in the District 
of Columbia: results from a pilot study. Environ Res. 2015;146: 
116-124.

 12. Mortimer K, Neugebauer R, Lurmann F, Alcorn S, Balmes J, Tager I. 
Air pollution and pulmonary function in asthmatic children: effects 
of prenatal and lifetime exposures. Epidemiology. 2008;19:550-557; 
discussion 61-2.

 13. Salvi S. Health effects of ambient air pollution in children. Paediatr 
Respir Rev. 2007;8:275-280.

 14. Malig BJ, Green S, Basu R, Broadwin R. Coarse particles and respi-
ratory emergency department visits in California. Am J Epidemiol. 
2013;178:58-69.

 15. Gauderman WJ, McConnell R, Gilliland F, et al. Association between 
air pollution and lung function growth in southern California children. 
Am J Respir Crit Care Med. 2000;162:1383-1390.

 16. Buonanno G, Marks GB, Morawska L. Health effects of daily airborne 
particle dose in children: direct association between personal dose 
and respiratory health effects. Environ Pollut. 2013;180:246-250.

 17. Evans KA, Halterman JS, Hopke PK, Fagnano M, Rich DQ. Increased 
ultrafine particles and carbon monoxide concentrations are associ-
ated with asthma exacerbation among urban children. Environ Res. 
2014;129:11-19.

 18. Andersen ZJ, Wahlin P, Raaschou-Nielsen O, Ketzel M, Scheike T, 
Loft S. Size distribution and total number concentration of ultrafine 

http://www.census.gov/topics/families/child-care/publications.html
http://www.census.gov/topics/families/child-care/publications.html


     |  111GASPAR et Al

and accumulation mode particles and hospital admissions in chil-
dren and the elderly in Copenhagen, Denmark. Occup Environ Med. 
2008;65:458-466.

 19. Rosa MJ, Yan B, Chillrud SN, et al. Domestic airborne black carbon 
levels and 8- isoprostane in exhaled breath condensate among chil-
dren in New York City. Environ Res. 2014;135:105-110.

 20. De Prins S, Dons E, Van Poppel M, et al. Airway oxidative stress and 
inflammation markers in exhaled breath from children are linked with 
exposure to black carbon. Environ Int. 2014;73:440-446.

 21. Cornell AG, Chillrud SN, Mellins RB, et al. Domestic airborne black 
carbon and exhaled nitric oxide in children in NYC. J Expo Sci Environ 
Epidemiol. 2012;22:258-266.

 22. Jacobson Lda S, Hacon Sde S, de Castro HA, et al. Acute effects of 
particulate matter and black carbon from seasonal fires on peak ex-
piratory flow of schoolchildren in the Brazilian Amazon. PLoS One. 
2014;9:e104177.

 23. Clark NA, Demers PA, Karr CJ, et al. Effect of early life exposure to 
air pollution on development of childhood asthma. Environ Health 
Perspect. 2010;118:284-290.

 24. Hua J, Yin Y, Peng L, Du L, Geng F, Zhu L. Acute effects of black carbon 
and PM(2).(5) on children asthma admissions: a time- series study in a 
Chinese city. Sci Total Environ. 2014;481:433-438.

 25. Chiu YH, Coull BA, Sternthal MJ, et al. Effects of prenatal community 
violence and ambient air pollution on childhood wheeze in an urban 
population. J Allergy Clin Immunol. 2014;133: 713-722 e4.

 26. Northcross AL, Edwards RJ, Johnson MA, et al. A low- cost particle 
counter as a realtime fine- particle mass monitor. Environ Sci Process 
Impacts. 2013;15:433-439.

 27. Semple S, Ibrahim AE, Apsley A, Steiner M, Turner S. Using a new, low- 
cost air quality sensor to quantify second- hand smoke (SHS) levels in 
homes. Tobacco Control. 2015;24:153-158.

 28. Steinle S, Reis S, Sabel CE, et al. Personal exposure monitoring of 
PM2.5 in indoor and outdoor microenvironments. Sci Total Environ. 
2015;508:383-394.

 29. Community Care Licensing Division. Child Care update. In: California 
Department of Social Services, ed.; 2011.

 30. U. S. EPA. Compendium of Methods for the Determination of Air 
Pollutants in Indoor Air; Research Triangle Park, NC: Atmospheric 
Research and Exposure Assessment Laboratory;1990;2:761-794.

 31. Bartlett KH, Martinez M, Bert J. Modeling of occupant- generated 
CO2 dynamics in naturally ventilated classrooms. J Occup Environ Hyg. 
2004;1:139-148.

 32. Bekö G, Lund T, Nors F, Toftum J, Clausen G. Ventilation rates in 
the bedrooms of 500 Danish children. Build Environ. 2010;45: 
2289-2295.

 33. Environmental Health Investigation Branch. CEHTP Traffic Linkage 
Service Background. http://www.ehib.org/traffic_tool.jsp#sol; 2007. 
Accessed July 19, 2011.

 34. Pearson RL, Wachtel H, Ebi KL. Distance- weighted traffic density in 
proximity to a home is a risk factor for leukemia and other childhood 
cancers. J Air Waste Manag Assoc. 2000;50:175-180.

 35. Hornung RW, Reed LD. Estimation of average concentration in the pres-
ence of nondetectable values. Appl Occup Environ Hyg. 1990;5:46-51.

 36. California Air Resources Board. California Ambient Air Quality 
Standards (CAAQS). http://www.arb.ca.gov/research/aaqs/caaqs/
caaqs.htm. Accessed August 16, 2017.

 37. U.S. EPA. National Ambient Air Quality Standards. http://www.epa.
gov/air/criteria.html. Accessed August 16, 2017.

 38. R Core Team. R: A Language and Environment for Statistical Computing. 
Vienna, Austria: R Foundation for Statistical Computing. http://ww-
w.R-project.org/. 2015.

 39. Fujita EM, Campbell DE, Patrick Arnott W, Lau V, Martien PT. Spatial 
variations of particulate matter and air toxics in communities ad-
jacent to the Port of Oakland. J Air Waste Manag Assoc. 2013;63: 
1399-1411.

 40. Mullen NA, Bhangar S, Hering SV, Kreisberg NM, Nazaroff WW. 
Ultrafine particle concentrations and exposures in six elemen-
tary school classrooms in northern California. Indoor Air. 2011;21: 
77-87.

 41. Ryan PH, Son SY, Wolfe C, Lockey J, Brokamp C, LeMasters G. A field 
application of a personal sensor for ultrafine particle exposure in chil-
dren. Sci Total Environ. 2015;508:366-373.

 42. Mazaheri M, Clifford S, Jayaratne R, et al. School children’s personal 
exposure to ultrafine particles in the urban environment. Environ Sci 
Technol. 2013;48:113-120.

 43. Rivas I, Viana M, Moreno T, et al. Child exposure to indoor and 
outdoor air pollutants in schools in Barcelona, Spain. Environ Int. 
2014;69:200-212.

 44. Reche C, Querol X, Quincey P, et al. New considerations for PM, 
Black Carbon and particle number concentration for air qual-
ity monitoring across different European cities. Atmos Chem Phys. 
2011;11:6207-6227.

 45. Guo H, Morawska L, He C, Zhang YL, Ayoko G, Cao M. Characterization 
of particle number concentrations and PM2.5 in a school: influ-
ence of outdoor air pollution on indoor air. Environ Sci Pollut Res Int. 
2010;17:1268-1278.

 46. Cyrys J, Pitz M, Bischof W, Wichmann HE, Heinrich J. Relationship 
between indoor and outdoor levels of fine particle mass, particle 
number concentrations and black smoke under different ventilation 
conditions. J Expo Anal Environ Epidemiol. 2004;14:275-283.

 47. Mendes A, Aelenei D, Papoila AL, et al. Environmental and ventilation 
assessment in Child Day Care Centers in Porto: the ENVIRH Project. 
J Toxicol Environ Health A. 2014;77:931-943.

 48. Yanosky JD, Williams PL, MacIntosh DL. A comparison of two direct- 
reading aerosol monitors with the federal reference method for 
PM2.5 and indoor air. Atmos Environ. 2002;36:107-113.

 49. Wang Z, Calderon L, Mainelis G, et al. Comparison of real- time 
instruments and gravimetric method when measuring partic-
ulate matter in a residential building. J Air Waste Manag Assoc. 
2016;66:1109-1120.

 50. Park SS, Hansen ADA, Cho SY. Measurement of real time black car-
bon for investigating spot loading effects of Aethalometer data. Atmos 
Environ. 2010;44:1449-1455.

 51. Dons E, Int Panis L, Van Poppel M, et al. Impact of time—activ-
ity patterns on personal exposure to black carbon. Atmos Environ. 
2011;45:3594-3602.

 52. Forns J, Dadvand P, Foraster M, et al. Traffic- related air pollution, 
noise at school, and behavioral problems in Barcelona schoolchil-
dren: a cross- sectional study. Environ Health Perspect. 2015;124: 
529-535.

 53. McDonald BC, Goldstein AH, Harley RA. Long- term trends in California 
mobile source emissions and ambient concentrations of black carbon 
and organic aerosol. Environ Sci Technol. 2015;49:5178-5188.

 54. Benbrahim-Tallaa L, Baan RA, Grosse Y, et al. Carcinogenicity of 
diesel- engine and gasoline- engine exhausts and some nitroarenes. 
Lancet Oncol. 2012;13:663-664.

SUPPORTING INFORMATION

Additional Supporting Information may be found online in the 
 supporting information tab for this article. 

How to cite this article: Gaspar FW, Maddalena R, Williams J, 
et al. Ultrafine, fine, and black carbon particle concentrations in 
California child- care facilities. Indoor Air. 2018;28:102–111. 
https://doi.org/10.1111/ina.12408

http://www.ehib.org/traffic_tool.jsp#sol
http://www.arb.ca.gov/research/aaqs/caaqs/caaqs.htm
http://www.arb.ca.gov/research/aaqs/caaqs/caaqs.htm
http://www.epa.gov/air/criteria.html
http://www.epa.gov/air/criteria.html
http://www.R-project.org/
http://www.R-project.org/
https://doi.org/10.1111/ina.12408

